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Why Explore Fused-layer Design Space? The LoopTree Framework Case Study: Exploration with LoopTree

Workload: MobileNet inverted bottleneck block  Challenge: low intra-layer reuse even with
large buffers

(1) Fused-layer Dataflow Reduces Off-chip Transfers Solving (1): LoopTree Specification

Insight: Dataflow can be described with nested loops and storage levels Common in state-of-the-art CNNs.
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